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Abstract 

With the emergence of cloud computing, many data owners outsource their local data 

to cloud server so as to enjoy high-quality data storage services. For the protection of 

data privacy, sensitive data has to be encrypted before outsourcing, which makes effective 

data utilization a challenging task. Although existing searchable encryption technologies 

enable data users to conduct secure search over encrypted data, the functionality of these 

schemes need to be further improved. In this paper, we construct a secure and efficient 

multi-keyword ranked search scheme which supports both the semantic extension search 

and the multi-keyword ranked search. The semantic extension is achieved through the 

mutual information statistical analysis of keywords. And the multi-keyword ranked search 

is achieved through a balanced binary tree whose nodes are the vectors of term frequency 

(TF) values. The splitting operation and secure transformation are utilized to encrypt the 

vectors of index and query. Note that, the encrypted vectors can be well used to calculate 

accurate relevance scores. Phantom terms are added to the index vector to blind the 

search results to resist statistical attacks. Due to the use of tree-based index structure, the 

proposed scheme can achieve the sub-linear search time. Finally, the experiments are 

conducted to demonstrate the efficiency of the proposed scheme. 

 

Keywords: multi-keyword ranked search; semantic search; mutual information; secure 

transformation; balanced binary tree 

 

1. Introduction 

Nowadays, more and more attentions from industry and academia are paid to the cloud 

computing, which can provide huge resource of computing, storage and application [1]. 

Many people are motivated to outsource their local data (such as person health records, 

tax documents, financial transactions, and so on) to the cloud for its cost-efficiency and 

great flexibility [2]. However, the cloud server could only be semi-trusted, because they 

may learn the information of users‟ data and even leak users‟ data to some others. To 

protect data privacy, sensitive data has to be encrypted before outsourcing. However, this 

will cause a high cost in terms of data usability. For example, the existing techniques 

about keyword-based information retrieval, which are widely used on the plaintext data, 

cannot be directly applied on the encrypted data [3]. 

In order to address the above problem, searchable encryption (SE) techniques are 

proposed to provide secure search over encrypted data for users [4-8]. Song et al. [7] 

proposed the first symmetric searchable encryption (SSE) scheme. The search time of this 

scheme is linear to the size of the data collection. Goh et al. [8] proposed formal security 
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definitions for SSE and designed a scheme based on Bloom filter. The search time of 

Goh‟s scheme is ( )O n ,where n is the cardinality of the document set. 

Many inchoate methods only achieved exact single keyword search. To construct 

practical system, some researchers proposed the SE schemes to support multi-keyword 

ranked search [9-14]. This type of schemes allows user to input several query keywords to 

refine user‟s query. The search results are ranked according to some scoring criteria. This 

is a more practical type of technology. In order to deal with dynamic data collection, some 

researchers constructed dynamic schemes to support addition, deletion and modification 

document collection [15]. Specially, the dynamic search scheme has realized the 

multi-keyword ranked search functionality [14]. Considering that people may make spell 

errors when inputting query keywords, some researches proposed fuzzy keyword search 

schemes, which mainly employ a spell-check mechanism to support tolerance of minor 

typos [16-18]. These schemes mainly take the structure of terms into consideration and 

use edit distance to evaluate the similarity. They do not consider the terms semantically 

related to query keyword, thus many related files may be omitted. 

Semantic search is a wide used technology to return more related results to user in 

plaintext search field [19-26]. In this paper, we propose a secure and efficient 

multi-keyword ranked search scheme, which takes both the semantic search and 

multi-keyword ranked search into consideration. The semantic extension is achieved 

through semantic relationship graph which is constructed by using the co-occurrence 

statistics of keywords. The multi-keyword ranked search is achieved through a balanced 

binary tree whose nodes are the vectors of term frequency (TF) values. Splitting operation, 

secure transformation and phantom terms are utilized to protect the data privacy. The 

proposed scheme achieves the sub-linear search time and can deal with the deletion and 

insertion of documents flexibly. In addition, the search efficiency of our scheme can be 

further increased by conducting parallel search on the tree index.  

The reminder of the paper is organized as follows. In Section 2, we give a belief 

introduction to the system model, threat model, and design goals. Section 3 describes 

notations and preliminaries. Section 4 describes our scheme in detail. In Section 5, the 

search efficiency can be described. We conclude the paper in Section 6. 

 

2. Problem Formulation 

A. System Model  

In the proposed SE scheme, the system model includes three entities: the data owner, 

the data user, and the cloud server. 

 

encrypted 

index tree
cloud server

encrypted 

documents

top-k ranked 

result

trapdoor 

search control (trapdoors)

access control (data decryption keys)

 

Figure 1. Architecture of Ranked Search Over Encrypted Cloud Data 

Data owner has a collection of documents 1 2{ , ,..., }nd d dD
and defines a dictionary of 

the keywords 1 2{ , ,..., }mw w wW=
from D . In the initialization of the system, the data owner 

constructs an encrypted searchable index tree I from the data collection D , and calculates 
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the inverted document frequency (IDF) values and semantic relationship graph (SRG) of 

the keywords. Next, all the files in D are encrypted to generate an encrypted data 

collection C . Finally, the data owner uploads both the encrypted index I and the 

collection C to cloud server, and distributes the secret keys of trapdoor generation and 

document decryption, the IDF values, and the SRG to the authorized data users.  

Data users are the authorized ones to conduct search operation on cloud. To start a 

search, the data users take several keywords as input. First, the set of query keywords will 

be extended according to the SRG. Secondly, the weighted IDF values of keywords in the 

extended set are used to construct a query vector. Thirdly, phantom terms are added to the 

vector which is then encrypted by the splitting technique and secure transformation. 

Finally, the encrypted vector is used as the trapdoor which is submitted to the cloud to 

search the related documents. After cloud server returns top- k matching encrypted files, 

the data users can decrypt the files with the secret keys.  

Cloud server stores the encrypted secure searchable index I and the collection of 

encrypted documents C . Upon receiving the trapdoor, the cloud server is responsible to 

execute search over the index and return the top- k ranked encrypted files to the data user. 

In addition, when the document collection has been updated by data owner, the cloud 

server also has to update the index and document collection stored in the server. 

B. Threat Model 

The cloud server is regarded as “honest-but-curious” in our system. That is to say, the 

cloud server honestly follows the designated protocols, while it is curious to analyze the 

stored information and learn additional information about the index and request. We 

consider two threat models with different attack capabilities as follows [9]. 

Known Ciphertext Model: In this model, the cloud server can only access the 

encrypted files, the secure index and the submitted trapdoor. Without the decryption keys, 

the cloud server cannot know the plaintext. 

Known Background Model: In this stronger model, the cloud server knows more 

information such as term frequency, file frequency and co-occurrence statistic of the 

keywords [11]. With such statistical information, the cloud server could discern certain 

keywords by analyzing the list of search results or the encrypted index. 

C. Design Goals  

To enable effective and secure multi-keyword semantic ranked search over outsourced 

cloud data under the aforementioned model. The designed goals of our system are 

following: 

Multi-keyword Semantic Ranked Search: The proposed scheme is designed to 

support semantic extension search and multi-keyword ranked search. Dynamic operation 

is supported to update the document collection.  

Search Efficiency: The scheme aims to achieve sub-linear search efficiency by 

exploring a tree-based index and an efficient search algorithm. In addition, the parallel 

search can be conducted on the index to further improve the search efficiency.  

Privacy-Preserving: Our scheme is designed to meet the privacy requirement and 

prevent the cloud server from learning additional information from index tree and 

trapdoor. Specifically, the privacy is preserved in following three aspects: 

1．Index Confidentiality and Query Confidentiality. The underlying plaintext 

information, including keywords in the index and query, TF values of keywords 

stored in the index, IDF values of query keywords, and the co-occurrence statistic 

of keywords, should be protected from cloud server; 

2．Trapdoor Unlinkability. The cloud server should not be able to determine whether 

two encrypted queries (trapdoors) are generated from the same search request; 

3．Keyword Privacy. The cloud server could not identify the specific keyword in query, 

index or document collection by analyzing the statistical information like 

document/keyword frequency. Note that our proposed scheme is not designed to 
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protect access pattern, i.e., the sequence of returned documents. 

 

3. Notations and Preliminaries 

A. Notations 

 D –The plaintext collection, denoted as a set of n documents 1 2{ , ,..., }nd d dD
. 

 C –The encrypted document collection stored in the cloud server, denoted 

as 1 2{ , ,..., }nc c cC
. 

 W= –The dictionary, the keyword set composing of m keyword, denoted 

as
, ...,1 2{ , }mw w wW

. 

 W
%

–The subset of W=, denoting the set of keywords in a search request. 

 sW%–The extensional semantic query keywords set for W%.  

 T – The unencrypted form of index tree for the whole document set D . 

 I –The searchable encrypted tree index generated from T . 

 Q –The query vector for keyword set sW% . 

 s
T

W% –The trapdoor for the search request. It is the encrypted form of Q . 

 Dv –The data vector for tree node v . Note that every node has a data vector Dv in the 

index tree. Specially, the node v can be either a leaf node or an internal node of the 

tree. 

 ( )vScore D ,Q
–The function to calculate the similarity score for query vector Q and 

data vector Dv stored in node v . 

 
thk score –The smallest relevance score in current RList , which is initialized as 0. 

 hchild –The child node of a tree node with higher relevance score. 

 lchild –The child node of a tree node with lower relevance score. 

B. Vector Space Model 

Vector space model is the most popular similarity measure method in plaintext 

information retrieval, which supports both conjunctive search and disjunctive search [11]. 

Moreover, the vector space supports multi-keywords and non-binary presentation. Scoring 

is a natural way to rank relevant documents. In this paper, the documents are ranked 

according to the “TF×IDF rule”. In the proposed scheme, each document is represented 

by a data vector Dv , whose elements are normalized TF values of keywords in this 

document. And, a search request is expressed by a query vector Q , whose elements are 

the normalized IDF value of query keywords in the document collection. Finally, the 

score of a data vector
Dv on query Q is calculated by the inner product of the two vectors: 

,( )

i

i i

s

v v

w

v w wScore TF IDF


   D ,Q D Q

W% ,                   (1) 

Where , iv wTF
denotes the normalized TF value of keyword iw stored in index vector Dv . 

If Dv is an internal node of the tree, , iv wTF
is calculated from index vectors in the child 

nodes of v. If the index vector Dv is a leaf node, , iv wTF
is calculated as:   

 

2
, , ,( )i i i

i

v w d w d w

w

TF TF TF


  
W ,                          (2) 

Where , ,1 lni id w d wTF N   , and , id wN denotes the number of keyword iw in document d .  

In the search vector Q , iwIDF denotes the normalized IDF value of keyword iw in 

document collection, and is calculated as: 
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2( )i i i

i s

w w w

w

IDF IDF IDF


  
W% .                             (3) 

Specially, iwIDF  denotes the IDF value of keyword iw in the document collection, and 

is calculated as:  

 ln 1i iw wIDF N N  
,                               (4) 

Where iwN denotes the number of documents that contain keyword iw , andN denotes 

the total number of documents in the collection. To meet the need of data users, 

top- k relevant documents based on the scores are chose. 

C. Keyword Balanced Binary tree 

The keyword balanced binary (KBB) tree in our scheme is a dynamic data structure 

whose node stores a vector D . The elements of vector D are the normalized TF values. 

Sometimes, we refer the vector D in the node v to Dv for simplicity. Formally, the node v in 

our KBB tree is defined as: 

,, , , ,Dv l rv ID P P FID
                             (5) 

Where ID denotes the identity of node v , lP and rP are respectively the pointers to the left 

and right child of node v . Here, if the node v is a leaf node of the tree, FID stores the 

identity of a document, and Dv denotes a vector consisting of the normalized TF values of 

the keywords in the document. If the node v is an internal node, FID is set to null, 

and Dv denotes a vector consisting of the TF values which is calculated as: 
[ ] max{ . [ ], . [ ]}, 1,..., .D D Dv l v r vi v P i v P i i m                       (6) 

The detailed construction procedure of the tree-based index is presented in next 

section. 

D. Secure k-NN computation 

Secure k -nearest neighbor (k-NN) computation is such a method which can encrypt the 

vectors, and the encrypted vectors can still be used to calculate the accurate distances 

between each other [27-28]. During the encryption process of secure k-NN, a vector will 

be split into two vectors. The splitting technique is secure against known-plaintext 

attack[27]. Then, the vectors will be multiplied with the inventible matrices. Here, we 

need to calculate the dot product of two encrypted vectors, and denote the data vector 

as Dv and the query vector as Q . The secret key is composed of one m bit vector as S and 

two m m inventible matrices as 1 2
{M ,M } . First, Q is split into two random vectors 

as
, {Q Q }

, and Dv is split into two random vectors as{D ,D }v v
 

. The vector S is used as a 

splitting indicator. Specifically, if the
-j th

bit of S is 0, D [ ]v j
and [ ]Dv j

are set as the same 

as [ ]Dv j , while [ ]Q j and [ ]Q j
are set to the random numbers so that their sum is equal 

to [ ]Q j . If the
-j th

bit of S is 1, the splitting process is similar except that Dv and Q are 

switched. Next, the split data vector pair {D ,D }v v
 

is encrypted as 1 2,T T

v v
  {M D M D } , and the 

split query vector pair
, {Q Q }

is encrypted as
1 1

1 2,   {M Q M Q } . Finally, the formula to 

calculate the score is:  
T 1 T 1

1 1 2 2

T T 1 T T 1

1 1 2 2

T 1 T 1

1 1 2 2

( ) ( ) ( ) ( ) ( )

( ) ( )

.

v v

v

v v

v

v

v v

v

Score  

 

 

      

    

    

      

 

D ,Q M D M Q M D M Q

M D M Q M D M Q

D M M Q D M M Q

D Q D Q

D Q
                   (7) 

After be split and transformed, neither query vector nor data vector can be guessed by 

analyzing their corresponding ciphertext. In addition, the Eq. (7) shows that we can 
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calculate the exact dot product of data vector Dv and the query vector Q by using their 

encrypted forms. 

E. Semantic Relationship Graph  

In this paper, we will construct the semantic relationship graph (SRG) by computing 

mutual information among keywords. Here, the statistical method proposed by Church 

and Hank [29] is adopted. For two keywords x and
y

, their mutual information ( , )I x y is 

defined as: 

2

( , )
( , ) log

( ) ( )

p x y
I x y

p x p y


,                          (8) 

Where ( )p x and ( )p y are the ratios of documents that contain the 

keyword x and
y

respectively, and
( , )p x y

is the ratio of documents that contain both the 

keyword x and the keyword
y

. In this paper, the mutual information is normalized into as 

interval (0,1] as:  

max

( , )
( , )

I x y
I x y

I



,                               (9) 

Where maxI denotes the max value in the all mutual information
( , )I x y

, and is a factor 

used to scale
( , )I x y

so as to adjust the importance of the extended keywords in the search. 

Figure. 2 shows a small scale semantic relationship graph, whose nodes denote the 

keywords and edges are the normalized mutual information between the corresponding 

two keywords. Here, the factor is set to 1. Church and Hank [29] suggested that there is 

a genuine association between x and
y

when
( , ) 0I x y 

. Thus, we only add an edge 

between two nodes when the mutual information between them is greater than 0. 
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Figure 2. An Example of Semantic Relationship Graph 

 

4. The Proposed Scheme 

In this paper, we exploit the KBB tree together with the semantic relationship graph to 

achieve semantic and privacy-assured multi-keyword ranked search over encrypted cloud 

data. First, the construction of unencrypted KBB tree is introduced. Secondly, the search 

process on the unencrypted index is presented. Thirdly, we introduce construction for 

multi-keyword ranked retrieval search scheme which add the encryption to construction 

of the index and query trapdoor. 

A. The Construction of Unencrypted Index Tree  

In the Section 3, the construction of the nodes of the KBB index tree is briefly 

introduced. In the process of index construction, we first generate a tree node for each 

document in the collection. These nodes are used as the leaf nodes of the index tree. The 

values of leaf node are the TF values of keywords in the corresponding document. 

Secondly, the internal nodes of the tree are generated based on these leaf nodes according 

Onli
ne

 V
ers

ion
 O

nly
. 

Boo
k m

ad
e b

y t
his

 fil
e i

s I
LLEGAL.



International Journal of Multimedia and Ubiquitous Engineering 

Vol.11, No.8 (2016) 
 

 

Copyright ⓒ 2016 SERSC      113 

to the formula (6). The construction process of the index tree is presented in Algorithm 1; 

and an example of unencrypted index tree is shown in Figure. 5. Following are the two 

symbols in Algorithm 1.  

 CurrentNodeSet – The set of current processing nodes which have no parents. If the 

number of nodes is even, the cardinality of the set is denoted as 2 ( )h h Z  , else the 

cardinality is denoted as
(2 1)h

. 

 TempNodeSet
– The set of the newly generated nodes. 

 

Algorithm 1  Index Tree Construction 

( )BuildIndexTree D T
: 

 procedure  

1．Initialization: Input the document collection 1 2{ , ,..., }nd d dD
with the identifiers 

{ | 1,2,..., }FID FID n FI D ; Define a function
()GenID

to generate a unique identity 

for each tree node. 

2．Pad data to all nodes of index tree: 

     Define the data structure of each node as
,, , ,Dv l rv ID P P FID

in the index tree; 

     for(each document FIDd in D )/*set the data structure of leaf nodes, as Figure.5*/ 

       Set
. ()v ID GenID

, . , . , .l rv P null v P null v FID FID   , 

,[ ] FID id wi TFD
,for (1,2,..., )i m ; 

Insert v to CurrentNodeSet ; 

     end for 

     for (the number of nodes in CurrentNodeSet is larger than 1) do 

if (the number of nodes in CurrentNodeSet is even, i.e. 2h ) then 

       for (each pair of nodes v and v in CurrentNodeSet ) do 

Generate a parent node v for v and v ; 
. ()v ID GenID

, and . , . , . 0, [ ] max{ . [ ], . [ ]}l r v v rv P v v P v v FID D i v D i v D i        

for each 1,...,i m ;  

       Insert v to
TempNodeSet

; 

end for 

else    /* the number of nodes in CurrentNodeSet is odd, i.e. (2 1)h  */ 

      for (each pair of nodes v and v of the former
(2 2)h

nodes in CurrentNodeSet ) do 

Generate a parent node v for v and v ;  

      Insert v to
TempNodeSet

; 

end for 

Create a parent node 1v for the
(2 1)h

- th and 2h - th node, and then create a parent 

node v for 1v and the
(2 1)h

- th node; 

Insert v to
TempNodeSet

; 

      end if    /*if (the number of nodes in CurrentNodeSet is even, i.e. 2h )*/ 

Replace CurrentNodeSet with
TempNodeSet

and then clear
TempNodeSet

; 

end for   /* for (the number of nodes in CurrentNodeSet is larger than 1)*/ 

return the only node in CurrentNodeSet , namely, the root of index tree T ; 

 

In the index, if
[ ] 0u i D

for an internal node v , there is at least one path from the 
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node v to some leaf, which indicates a document d containing the keyword iw . In addition, 
[ ]u iD

always stores the biggest normalized TF value of iw among its child nodes. Thus, the 

possible largest relevance score of its children can be easily estimated.  
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Figure 5. An Example of the Tree-Based Index 

An example of the tree-based index is illustrated in Figure 5 where the document 

collection { | 1,...6}id i D and cardinality of the dictionary 4m  . In the construction 

process of the tree index, we first generate leaf nodes from the documents. Then, the 

internal tree nodes are generated based on the leaf nodes. This figure also shows an 

example of search process, in which the query vector Q is equal to (0,0.92,0,0.38) . In this 

example, we set the parameter k=3 with the meaning that three documents will be 

returned to the user. According to the search algorithm, the search starts with the root 

node, and reaches the first leaf node d4 through r11 and r22. The relevance score of d4 to 

the query is 0.92. After that, the leaf nodes d3 and d2 are successively reached with the 

relevance scores 0.038 and 0.67. Next, the leaf noded1 is reached and replace d3 in RList . 

Finally, the algorithm will try to search subtree rooted by r12, and find that there will be 

no reasonable results in this subtree because the relevance score of r12 is 0.52, which is 

smaller than the smallest relevance score in RList . Finally, the search results include d4, 

d3, and d1.  

B. Search Process on Unencrypted Index Tree 

The search process of our scheme is a recursive procedure upon the tree, named as 

„Greedy Depth-first Search (GDFS)‟ algorithm. Since the internal node stores the bigger 

normalized TF values between its child nodes, it is easy to determine which sub-tree can 

be firstly searched in the light of the query vector. The search starts with the root node. 

First of all, the search compares the inner product of the two child nodes of root node, and 

then decides which sub-tree is preferentially searched. After that, this procedure is 

executed recursively until the top- k objects is selected. 

We construct a result list denoted as RList , whose element is defined as
,Score FID

. 

Specifically, the Score represents the relevance of the document FIDd to the query, and is 

calculated according to Formula (1). The RList stores the k accessed documents with the 

largest relevance scores to the query. The elements of the list are ranked in descending 

order according to the Score , and will be updated timely during the search process. Here, 
thk score denotes the smallest score in the RList . Following are the detail of GDFS 

algorithm in Algorithm 2. 
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Algorithm 2 GDFS Algorithm on index tree T  

(IndexTreeNode ) :RList GDFS v  
if (the node v is not a leaf node) then 

if ( ( , ) th
vScore k scoreD Q ) then 

  GDFS( .v hchild );  

  GDFS( .v lchild );  

else return; 

end if 

else if ( ( , ) th
vScore k scoreD Q ) then 

Delete the element with the smallest relevance score from RList ; 

Insert a new element
( , ), .vScore v FIDD Q

and sort all the elements of RList ;  

end if 

return; 

end if 

 

C. The Construction for Scheme 

In this subsection, we construct the multi-keyword ranked search scheme by integrating 

splitting operation and secure transformation to the unencrypted index. The scheme 

includes two phases: the construction of encrypted index and the search process on index 

tree. 

1) The Construction of Encrypted Index  

 
( )Setup   SK

: The setup algorithm takes  as the security parameter. The data 

owner generates a random ( )m m -bit vectorS as a spiting indicator and generates 

two
( ) ( )m m m m   

invertible matrices
 1 2,M M

as encryption matrix. Specifically, 
m is the size of dictionary W , and m is the number of dummy terms. The data 

owner outputs a symmetric key as 1 2{ , , } S M MSK
.  

 ( , )GenSecureIndex D SK I
: First, the algorithm

( )BuildIndexTree D T
is called to 

generate the unencrypted index tree T . Secondly, before encrypting the index 

vector
Dv of T , the data vector

Dv is extended from m -dimensions 

to ( )m m -dimensions. Each extended element
[ ]v m jD

, for
1,..., 'j m

is set as a 

random number j . Thirdly, the data vectors are split according to the indicate 

vector S after applying dimension-extending. The index vector
Dv for each node v is 

split two random vectors
 D , Dv v

 
. Rules are as follows: if [ ] 0S i  , 

[ ]Dv i
and

[ ]Dv i
is 

set equal to
[ ]Dv i

. If [ ] 1S i  , 
[ ]Dv i

and
[ ]Dv i

is set as two random values whose sum 

equals to
[ ]Dv i

. Fourthly, the split data vectors 
 D , Dv v

 
are encrypted by the 

invertible matrices
 1 2,M M

. Finally, the encrypted index tree I is built where the 

node v stores two encrypted index vectors
 1 2,I M D M D

T T
v v v 

.The data owner 

outsources the encrypted searchable index tree to the cloud server until the whole 

vectors stored in the index tree nodes are encrypted. In addition, the encrypted 

document collection is outsourced.  

The IDF values and the SRG also need to be calculated by data owner and distributed 

to authorized data users. The IDF values of the keywords in the dictionary are calculated 

according to the Formula (4). And SRG is constructed as it is introduced in Section 3. In 
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addition, the documents are encrypted by symmetric key cryptography, and the encrypted 

documents are uploaded to the cloud server. 

2) The Search Process on Index Tree  

 
( , )

s
GenTrapdoor 

W
W SK T %
%

: With interest keyword set W% , this algorithm 

semantically extends the query keywords based on the SRG to gain the extensional 

query keywords set sW% . In order to tell the important degree between the original 

keywords and the extensional keywords, it has to take the edge‟s weight of SRG 

into consideration. First, [ ]Q i will store a value associated with iw . The value is 

calculated including three aspects :1) we set the semantic weight values of original 

keywords as 1 and get the edge‟s weight values between the original keywords and 

the extensional keywords from SRG as the corresponding semantic weight values. 

However, when an extensional keyword is semantically related to several original 

keywords, we select the maximum value of edge‟s weight values between the 

original keywords and the extensional keyword from SRG as its semantic weight 

value; 2) If the keyword iw is contained in W%, [ ]Q i stores the IDF value of iw . If the 

keyword iw is an extensional keyword, [ ]Q i stores the product of IDF value 

of iw and the semantic weight edge‟s value between iw and the original keyword. If 

the keyword iw is an extensional keyword and has more than two semantic related 

original keywords, [ ]Q i stores the product of IDF value of iw and the maximum 

edge‟s weight value. If the keyword iw is not contained in sW% , [ ]Q i is set as 0; 3) 

Taking advantage of the formula (3), the query vector Q need to be normalized. 

After these series of process, the query vector Q stores the normalized value. 

Before encrypting the query vector Q , we extend the dimension of query 

vector Q from m to ( )m m , secondly. Thirdly, we choose 

randomly m  ( )m m 
elements from m elements set their values as 1, the rest are 

set as 0. Fourthly, query vector Q is split two random vectors
 {Q ,Q }

. On the 

contrary, if
[ ] 0S i 

, [ ]Q i and [ ]Q i are set as two random values whose sum equals 

to [ ]Q i . If
[ ] 1S i 

, [ ]Q i and [ ]Q i are set equal to [ ]Q i . Finally, the algorithm returns 

the trapdoor
 1 1

1 2,
s

   M Q M Q
W

T %
. And it needs to submit the trapdoor to the 

cloud server. 

 
( , , )

s
Search 

W
I T K R%

: With the trapdoor and the parameter k , the cloud server 

executes the algorithm.2 computes the relevance score of node v in the index 

tree I to the query. The computation is described as in formula (10), 

where
{ | [ ] 1}Qr j m j  

. According to the algorithm.2, the cloud server returns 

top- k identities of relevant documents to the data user. 

 

1 1
1 1 2 2

1 1
1 1 2 2

( ) ( ) ( ) ( )

( , )

sv

T T
v v

T T
v v

v v

v r

v r

T

Score





 

 



      

    

      

  

 





I

M D M Q M D M Q

D M M Q D M M Q

D Q D Q

D Q

D Q

W%

                (10) 
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5. Performance 

In this section, we show experimental evaluations of the proposed technique on a real 

dataset: the RFC dataset [30]. Most of the experimental results are obtained with an Intel 

Core(TM) Duo Processor (2.93 GHz), except that the efficiency of search is tested on a 

server with two Intel(R) Xeon(R) CPU E5-2620 Processors (2.0 GHz), which has 12 

processor cores and supports 24 parallel threads. The search efficiency of the proposed 

scheme is compared with the method which is presented in [10]. 

1) Search efficiency 

During the search process, if the relevance score at node v is larger than the minimum 

relevance score in result list RList , the cloud server examines the children of the node; 

else it returns. Therefore, lots of nodes are not accessed during a real search. We denote 

the number of leaf nodes that contain one or more keywords in the query as . As a 

balanced binary tree, the height of the balanced binary tree is maintained to be
log n

, and 

the complexity of relevance score calculation is
( )O m

. Thus, the time complexity of search 

is
( log )O m n

. Note that the real search time is less than
( log )O m n

. The reasons includes 

three aspects: 1) according to our search algorithm, many leaf nodes that contain the 

queried keywords are not visited, 2) the accessing paths of some different leaf nodes share 

the mutual traversed parts, 3) the parallel execution of search process can improve the 

search efficiency .  

The search process executed at the cloud server involves searching and computing the 

similarity score. The search algorithm terminates after the top- k files have been returned. 

We test the search efficiency of the proposed scheme on a server which supports 24 

parallel threads. The search performance is tested respectively by starting 1, 4, 8 and 16 

threads in our experiments. Figure 6(a) shows that when the size of dictionary and 

document collection are fixed, the search time vary with the parameter k . In Figure 6(b), 

we compare the search efficiency of our scheme with the recent work by Sun et al.[10]. 

For Sun et al.‟s method, we choose 4000 keywords and divide them in 50 levels. 

Consequently, each level contains 80 keywords. The experimental results show the higher 

level the query keywords reside, the higher the search efficiency is. We choose ten 

keywords from the 1
st
 level (the highest level, the optimal case) and another ten keywords 

from the 26
th
 level (the middle level, the average normal case) respectively for search 

efficiency comparison. Figure.6 (b) shows that if the query keywords come from the 

middle level of index, the search efficiency of our scheme is more efficient than Sun et 

al.‟s work. If the query keywords are chosen from 1
st
 level, our scheme obtains almost the 

same efficiency as the Sun et al.‟s scheme when we start 4 threads. 
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Figure 6. The Efficiency of a Search: (a) The Time Cost for Top- k Retrieval 

with the Same Dictionary and Document Collection, 1000, 4000n m  , (b) the 
Time Cost for Different Document Collection with Different Methods 
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6. Conclusion 

In this paper, we solve the problem of multi-keyword ranked search over the encrypted 

cloud data, and establish a variety of privacy requirement. The proposed scheme can 

return not only the exact matched files, but also the files including the terms semantically 

related to the query keywords. We construct the index tree whose data vectors store the 

TF values to improve the search efficiency effectively. When inputting the query 

keywords, keywords first are extended according to the semantic relationship graph. 

Specially, the query vector is expressed as the IDF values of query keywords and 

extensional keywords. After that, the trapdoor is uploaded to the cloud server. The cloud 

server explores the “inner product similarity” to quantitatively evaluate similarity measure 

to capture the relevance of outsourced documents to the query request. According to the 

search algorithm, the semantic related top- k files are returned. Taking security and 

privacy into consideration, a secure splitting k-NN technique is employed to encrypt the 

index and query vector, so that we can obtain the accurate ranked results and perform well 

protection on the confidence of the data. 

As our future work, we will concentrate on the encrypted data of semantic keyword 

search in order to confront with the more sophisticated search. 
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